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Introduction.

Data Mining is the process of discovering hidden patterns, relationships, and
new knowledge from large amounts of data using machine learning, statistics,
artificial intelligence, and databases [1, 2, 3]. This technology is key to data analysis
in various fields, including philology, medicine, economics, marketing, and others
[4, 5].

Data mining in philology is the process of identifying hidden patterns,
structure and information in textual data using machine learning algorithms [6, 7,
8, 9], statistical methods and tools for processing large volumes of textual
information. In modern philology, the analysis of texts is becoming more
automated due to the use of computer technologies, which allows the study of
linguistic phenomena on large text corpora.

Deep data mining in philology is an interdisciplinary approach that combines
modern methods of data analysis and deep learning for the study of texts, linguistic
phenomena and linguistic regularities [10, 11]. This process involves the automated
processing and interpretation of large volumes of textual information in order to
obtain new knowledge, structured data or to identify hidden patterns in texts.
Philology, as a science of language and literature, increasingly uses the capabilities
of artificial intelligence and computing methods for a deeper understanding of
language processes and phenomena.

The main part.

1. Main aspects of data mining in philology

Data mining in philology includes the analysis of large volumes of textual data
to solve tasks such as:

Identification of lexical and syntactic regularities in different types of texts.

The study of the evolution of language or vocabulary through the analysis of
texts from different periods.
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Study of connections between styles, authors and genres.

Automation of text processing for classification of genres, authorship or
thematic features.

2. Data mining methods in philology

Philological data mining uses several main approaches and methods:

Topic modeling: Models like LDA (Latent Dirichlet Allocation) are used to
automatically detect topics in texts. This makes it possible to determine the main
thematic directions in a large corpus of documents.

Freguency analysis: the study of the frequency of use of words and phrases to
identify stylistic or lexical features of a certain author or period.

Text Classification: Using machine learning algorithms (eg, Naive Bayesian,
SVM) to automatically classify texts by genre, topic, or style.

Sentiment Analysis: automatic determination of the emotional coloring of the
text to study texts from the point of view of positive, negative or neutral emotions.

Tokenization and vectorization: techniques for dividing text into individual
words or phrases and turning them into numerical vectors that facilitate their
analysis by machine learning algorithms.

3. Examples of the use of data mining in philology

Analysis of literary works: automated study of literary texts to identify main
themes, stylistic features or evolution of the author's style.

Cultural-historical research: analysis of large corpora of texts to investigate the
development of vocabulary and the use of changing words through cultural,
political and social events.

Comparative language study: identifying differences between texts written in
different languages or dialects, which helps in the study of linguistic diversity.

Analysis of media texts: the study of trends in the use of language in the media
to analyze public sentiment, political discourse or reactions to events.

4, Challenges of data mining in philology

Unstructured textual data: a large part of philological data is unstructured
(literary texts, articles, manuscripts), which complicates their automated analysis.

Language diversity: analyzing texts in different languages requires the
creation of separate models and tools for each language or group of languages.

Large amounts of data: working with large text corpora requires significant
computing resources and efficient algorithms.

5. Advantages of data mining in philology

Scalability: data mining allows you to process huge volumes of textual
information, which is unattainable with manual analysis.

Automation of research: data mining significantly accelerates the research
process by providing automated approaches to the analysis of large corpora of texts.
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Detection of hidden regularities: data mining methods make it possible to find
regularities and connections that may be invisible during traditional philological
analysis.

Conclusions.

Machine learning and data mining are closely related, as both approaches are
used to identify patterns in data, but have some key differences in methods and
applications. Machine learning is one of the main tools for data mining. Machine
learning algorithms make it possible to identify patterns in data without the need
for prior knowledge of all the rules that govern this data. Machine learning provides
the ability to automate the process of data analysis and make more accurate
predictions, while data mining provides a structured process for extracting useful
knowledge/patterns from this data.

In general, data mining in philology opens up new opportunities for
the study of textual data, allowing to automate the analysis of linguistic
phenomena and quickly explore large volumes of literary and cultural texts. This
makes possible a more accurate and quick study of language evolution, stylistic
features, as well as the analysis of sociocultural phenomena through the lens of
language.

Discussion and prospects for further research.

Analysis and analytics of big data in philology is a set of methods and
techniques for researching large arrays of textual information in order to identify
regularities, trends, new meanings and contexts in big semi-structured data [12, 13,
14, 15]. The use of big data in philology is part of an interdisciplinary approach that
combines classical humanities with modern technologies of information
processing and analysis. Thus, the author separately emphasizes that it is the
analysis and analytics of big data in philology that significantly expands the
possibilities for researching linguistic phenomena and text structures. Modern
natural language processing technologies make it possible to automate the
research processes of big text corpora, which makes it possible to solve both classic
and new tasks in philological science.

The author emphasizes that it is the hybrid methods and algorithms
of data mining in philology that combine several approaches and technologies to
achieve a more effective analysis of big volumes of textual data [l6, 17].
These methods integrate various machine learning algorithms, linguistic rules and
statistical models, which allows to optimize the processing of linguistic data
and provide a deeper and more accurate analysis of philological
information [18, 19].

This two directions of scientific research of the author will be reflected in the
following publications.
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